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A Study on Computer Assisted Diagnosis of Diffuse Parenchymal Liver
Diseases on Ultrasound I mages with the Reference to the Self-organs
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Abstract
The ultimate goal of this study is to
develop a computer assisted diagnosis system
for diagnosing diffuse parenchyma liver
diseases on ultrasound images. Our system
will be based on the diagnosis principles of
the diffuse parenchyma liver diseases
employed by the NTUH medica doctors.
We aim at making a suggestive diagnosis for
the classes of normal liver, liver cirrhosis,
fatty liver, and diffuse parenchymal liver
diseases from the ultrasound images.
Keywords: Ultrasound Image, Diffuse Liver
Disease, Computer Assisted Diagnosis, echo-
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