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Abstract

To augment the diagnostic accuracy
with the effect of human factor minimized, in
this two-year project, we propose to develop
an intelligent CAD system to assist
differential diagnosis of benign and
malignant lesions. The ultimate goa is to
provide a suggestive diagnosis for the benign
and malignant lesions revealed in ultrasound
images such that the number of biopsies may
be minimized. At the end of this project,
we propose a classification system of high
efficiency with nearly setting-independent
features.
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CAD 160 performance
ROC curve Accuracy Sensitivity Specificity PPV NPV
A, SE
C160-1 0.938 0.023 91.9% 95.6% 87.0% 90.6% 93.8%
C160-2 0.941 0.021 90.6% 97.8% 81.2% 87.3% 96.6%
C160-3 0.962 0.014 94.4% 97.8% 89.9% 92.7% 96.9%
C160-4 0.966 0.015 94.4% 95.6% 92.8% 94.6% 94.1%
M 0.952 0.018 92.8% 96.7% 87.7% 91.3% 95.4%
o 0.014 0.004 1.9% 1.3% 4.9% 3.1% 1.6%

SE : Standard Error of the ROC curve.

M. mean. o standard deviation.




