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Abstract

Approximate  entropy is a new
statistical  parameter derived from the
Kolmogorov-Sinai entropy formula which
quantifies the amount of regularity in data.
The approximate entropy quantifies the
predictability of subsequent amplitude
values of the EEG based on the knowledge
of the previous amplitude values. We
investigated the dose-response relation of
the EEG approximate entropy during
desflurane anesthesia in comparison with
bispectral index (BIS).
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